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Introduction
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Landscape Ecology focuses on understanding landscape heterogeneity and how it influences organisms, populations, and ecosystems :::TDZMW(/;?E - 3y e Landscape metrics have limitations for linking the spatial pattern they describe to

(Turner and Gardner, 2015), and fragmentation has played a central role in this approach. Habitat fragmentation is defined as the process e . ecological processes (Kupfer, 2012). To introduce a more functional approach, we
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where a habitat in the landscape is divided into smaller and increasingly isolated patches. It can have important implications on habitat b : : JELEES focused on MSPA metrics such as “core,” “bridge,” and “isle,” that emphasize the

e D » — LW T TIS e wwe  ecological role of the patch. The selection of the metrics also has to consider that

qguality relating to population viability and the organization and functioning of communities and natural ecosystems (Didham, et al, 2012).
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fragmentation is tightly related to habitat loss, and selecting metrics with lower

Core Area Upper Delaware

Number of Cores 5,397 C 65 104.0 5

Largest Patch 7,068.26 km” -84.1 -84.1

This process is usually driven by habitat loss and it is accepted that human activities and the dynamics of change in land use, and in partic-

correlation to habitat abundance is recommended (Wang et al, 2014).
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This work is the first approach for assessing future tendencies of forest fragmentation in the context of the project “How will forest eco- for relative metrics
systems and hydrologic processes in the Delaware River Basin be affected by climate change and land cover change?” which explores how
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